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River Level for Zhuoshui River at Zigiang Bridge
(2017/06/09-2017/06/18)
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The Trend of Level, Velocity and Scour Depth at Zigiang Bridge
(2017/06/09-2017/06/18)
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The Accuracy for 2018/01/06-2018/01/14 Event
from Different Model at Zigiang Bridge
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